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Fig. 1 The proposed model training procedure.
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Table 1 PERs|[%)] for each method when wav2vec 2.0 was trained disordered speech in four different ways.

Unlabeled disordered speech

\ CP1\ CPQ\ CLP1\ CLP2\ CLP3\ TRJ\ TRQ\ TRs\ TR4

A. Not used (Skipping step2) 9.5 | 16.3 5.6 5.1 4.9 104 | 11.9 | 6.7 5.2
B. unlabeled speech of the user | 8.5 - 4.7 - - - - - -

C. same type as the target user | 9.7 | 16.3 5.1 5.6 6.1 11.2 | 134 | 74 5.4
D. multiple types 11.0 | 18.6 6.4 6.7 7.1 13.0 | 15.7 9.1 7.0
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