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ITAETIE, SNS R ARMBESFEE T VO H KITH
WV, BRo BBV LT RoTWn5. ol
THMDFEZMZ 51213, Fact-checking 2SEHE ¥ 72
%. Fact-checking (&, HIEN R o> TR WD,
NEED T — B2 R — 2ICHESWTHIET B A7 TH
5. ZORRAZTRE, HIECKLERIERENEET —
AN—=2AMBLBRET B ek o s, KT
X, HRMREITo2RIC, MEary7TF A o4
KEITH5 28T, £DZLDHEICHHRIERDE
BritAr.

1 IILCHIC

IETIE, SNSRA YT A U 2EL TR IEH
DL L T Ro e [1,2]. ¥/, KEBSEE
7 )L (LLM: Large Language Model) DFEEIZ MV, £
CONFEY AT LI LLM BIERH ENTW S5, »
NSt =2 arDE I BRoLERE FLINE L
S BEMREDRD B [3]. 22T, XITiko 21EH
BEgEhTowihwhZ HETHET %, Automated
Fact-checking 2’EEE ¥ 7% 4. Automated Fact-checking
X, XWIZR-s LEHRBZENTORVD, ST —
RN — 2 5 HEITHAE G (evidence) ZRRZE L,
MR L 7= evidence ICHEDWTHET B XA TH
% [1]. ThicE D, BEBEiERL 2 WIEEmex b
VAT LADINEXZWFES 5 2 T, TIEMERE
WO E S Z e TE 3. DU, Automated
Fact-checking % HilZ Fact-checking & P35,

Fact-checking (2 B3 % £k 4 72 Shared Task & Bl fi
INTED [4,5], AVeriTec Shared Task[6] IZEB W T,
RAWEKIICRTSRATLEZRABELL[T. 2D
> A2 7 L%, RAG-fusion[8] ZZEI1C L, HENR
(claim) 2° 5, evidence MR D7 =V 4T 5 Z
YT, ZREREED S D evidence R Z HAY L LT
W%, LaL, MEIN2 evidence BXHEN L 725
THD, ARORPER SN TLES WS R
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Wb, T I T, AFFETI, evidence & 725 X%
BB LRIC, fiRoXikrEDifMEay 7% 2
MEAERL, evidence DR RAT-. Zoar T
FRAMIED, XDZL OHRICHESOTHIEZIT
5T LHAREL 7R 5.

MBHNMNET ¥ > 2712352 TdHXRZEFH
TE3%[9]. LaL, FEMFTOD Fact-checking T,
claim 125 U T web 2 & 1HW 2 B 3 % a0 E
b, DFD, HFHRRBENR L 22 XEELERNIC
EETET, HEDEDIZF ¥ ¥ 7 EERLET Z
celd. HEZETI KT ¥ ¥ 7 BENT 24
EZaHHLE, XD claim CEETZF v 7RG
%728, SHENIBRCEE L EHMETS2 20w 7
Ta—Fr ot EFHERTIE, MEaYTXR
M EREHEETMCEZ S 2T, HERED M
AP X e L R b N DA

2 BIEHSE

2.1 AVeriTec Shared Task

AVeriTec Shared Task! 1%, AVeriTec 7— &+ v b [6]
% i U 7= Fact-checking (2 B3 % Shared Task T &
b, EMNLP2024 D7 —2% ¥ a v 7 TR X AT
ARBFFETH S Fact-checking 1%, Z @ Shared Task T
ESNTRHAITED VTN S,

%3, evidence DEUFIZ, 5 %2 57z claim % F
WTHELND web RBEHRDOLENHITH. ZD
evidence 123UV T, claim 23 “Supported”, “Refuted”,
“Not Enough Evidence (NEE)”, “Conflict’ T& % 2%
HET 3. Zho42F7/7—Yaryanrk
claim OH|E 7 XL TH 5. “NEE” I FHEICHE A
EHMBTRELTWEHEZRL, “Conflict” [3HEEL
evidence [l T, Support & 41 % 2> Refute X 15 552
736 % /R"T. evidence 1%, BRI ZDEZE L
WHTERTH 5. HlZIE, “Ina letter to Seteve Jobs,

1) https://fever.ai/task.html
2) https://fever.ai/workshop.html
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Sean Connery refused to appear in an apple commercial.”
&S claim t&, evidence ¥ LT, {Questionl: “Where
was the claim first published first”, Answerl: “It was first
published on Soccopertino™}, {Question2: “What kind of
website is Scoopertino”, Answer2: “Sc-oopertino is an
imaginary news organization devoted to ferreting out the
most relevant stories in the world of Apple”} 3 5- 2 &1
72356, PIE 7 RE “Refuted” TH 5.
B, web MREIT-oTHEOLNEXEERETHS

PLHEZoNTED, XEEEH, S, HEICEH
7% evidence ZHUS 3 5.

2.2 Contextual Retrieval

Fy 7ML Taryrx A VERZITS FiEE
L T, Contextual Retrieval[10] NTFEELTW5S. Z
AUZ, Retrieval-Augmented Generation (RAG)[11] 128
WT, INEICRERIFEROMBREEZA X5 7%
DOFETHZ. MRNROLEE T ¥ > 2127H|
L7t&, &7 ¥ v 27 e pElfioXE2EZ LLM 12
ANL, FYrr27o@Hary7x X s 24AERS &
5. BEAa Y7 XA M ENIET 5F ¥ 7 DRI
53228 T, BERIEROMKEED M LT 2
TRl TWa.

KWL D7 Ta—F i, av7F A MEERT
R4 VM EI B, Fact-checking 217 9 58,
claim IZJ5 U T web MEBRAERNZ( L, evidence % Hill
HT2RIE(NT2DT, HEANCHHa > TF 2
FEERTE RV, 22T, SEEMERRICHE 2
VTXFANEERT 5.

2.3 BRI%ERIC & B Fact-checking & X
T L

112, F 4% DS AVeriTec Shared Task THAFE L 7=
Fact-checking ¥ A7 LA%ZRT. ZDT AT LIE, (1)
EME () BMAENR+ SRR (3) m&HIED 3 BFE
DAT v FTTHREINS. XEMRTIE, HDAA
R7Z MV EMEHLT, claim CE#EDH 2 FF 2 X
¥ M 50 FEUS T 5. B+ XTI, claim
P OERIIGDO DMK TV i K 3 HERK
L, &7V 03T 20EBEMOLE 3 HHRES
5. claim » 5MRHOEMEZEKT 52T, £
B2 B2 & D evidence MR Z 1T 5. BAAHIET
i, AR LEREZ ) & EIEREMS DX % GPT-40
AN L, BIHIES NV 24T 5. GPT-4o 1T
HZ237mr 7 M, #EoERoMm Rz m Lk
XH 578, “Refute DAJREMED DT HTH HIUL,
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Supported / Refuted /
Not Enough Evidence / Conflict

B1 ERAERIC X % Factchecking ¥ A7 L XEMET
1350 [HOXEZTEUG S 5. BRAR+METIE, mKAT
3FOEMMAER SN, FEMZ 2T 3 DDRE D
ZHS S 5.

Refute L H|EH X" L WHHNEEEDH TN,

DY AT LTIE, &AL evidence [ FCHANLT
BfFENs. XHEMATOMKRTIE, Fv > Z7HAT
DB L AT, X hEERFHRICK > THREREIT
250, XIROBEHRBFHTERW., 22T, XH
T D evidence MK ZITV, ZDK, fiear7F
AMZENRT ST, RIEWROFAHZ KA.
3 evidence f#HEIAVTXFRAXAPMD

=174

1 DEMAER+XRRED R T v T THIF L= X
B evidence I LT, i@ > 7F A b EAEK
35, BRRNLRHEa Y 7 XA P OERFIEZK 2
WRT. ¥7, BS L oxxFHIgEhtn
T ERES A, SN, HHLET—%ty b
NEZ 5 XhTW3 URL ZFIHLZ. K1
DXIHRKE, FEXNED URL DLENSELNT
PRI ST, IS TOXEEZRETE 5.
RMELEXED»S, BLUIMRE LD RELD %
"FL, FAF Y7 %21§5. K2, BITHBELTY
72X, FElF vy % LLMICAS L, BEICEUS
L 7z evidence DR 2> 7 F XA AR T 5.

R L7MEa > T F X I, Contextual Re-
trieval [10] 2wy, BEICHUSR L =X DRTIZEMT %
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| @O REIAY MSEE
E EHCRFEL S
N FD
AT I OIS RROZ
Llama3
or N wHE
GPT-40 mini =4

RIS THAPDER

EM2 fiEar7* X bOLEETIE
ZrT, ZOBROTMEHEDRAT v TITHWS.
SENE, fiEa>TF A %, evidence DB/
FTIEEL, VI Iy SICHWESEEDERS
fTo7=. W1 Tl&, SEBCHLTEM3HFomEE
B EZEE LT\, BN 10HFE2EEL, X
DBV THFRAMEERT S, 2RV IV F Y
ZRITWV, Za7yEn b 3 R EE T 5.

4 RER
4.1 EERERTE

o F—&Xt v b: AVeriTec 7— &t v T [6] DIEE
7T —& 500 2 fER L 7.

e N—RFA4 VK1 OHESRT A
o BTV B & %7 ~OVHEIZIE GPT-4o
%, SIEMBE Y STHRZIZIT stella_en_400M_v5Y
WX B DIAANRT bLOEMEZFH
L7z a2y 7% AEMKICIE Llama3-
8b-instruct[12] ¥ GPT-40 mini @ 2 F¥H % i Fl
L, V9 ¥ H—I2iF ms-marco-MiniLM-L-12-v2¥
EPEH L EBRoOoBEEEZE D 5729,
Llama3-8b-instruct (% do_sample=False T, GPT-40
& GPT-40 mini (& temperature=0, top_p=1.0 THW\>
7z. (GPT-40 ¥ GPT-40 mini | OpenAl ® APIY
FHTHHLZ. )
FE Al $5 £ [6] THE % & 172 Evidence ¥ ili R
a7y, RERUEIRNALDOEMBREH W,
Evidence #Fffi 2 2 7 XL F R 1 THH X
ns.

up(9,Y) = % max " 3 f(HNXGEy) ()

ey ye¥

3) https://huggingface.co/dunzhang/stella_en_400M_v5

4) https://huggingface.co/cross-encoder/
ms-marco-MinilM-L-12-v2

5) https://platform.openai.com/docs/models/
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T ZT, YIXIEMED evidence D —4 VA, ¥
32 AT ADHUF LT evidence D> —F Y AT
»H%. F72, f1F, pairwise scoring function T, ¥
XY SR EERIND. SHENE, [6] DFEEEIH
W, METEOR[13] Zffff L 7. %7, Hungarian
Algorithm[14] 12 & D, EReEIG Lz —7 >
A DRI IEZ KD TWS., Uk, B
W2, X: ¥ X Y—={0,1} L EFEXA, evidence HY
ROEBEFIEVR L 25> TW5. Evidence 7
iz a 7%, BloAazHWSE, EieE
BremiAHWSED 280 TelET 5.

BRI 7 H)E 5 L DM, [EfES Ry
D—HEI12FD < Label Accuracy T1T75. %7z,
HIEDIE LW evidence 12FD W T W 2 2 MREE
T 27D, THIZOLNIEL L, 2D Evidence
FHili 2 2 7 B —EDBRMEN LD E DA, 1E
U HIEDIT ATz § % Label Accuracy b e
T5.

7B, FHAF ¥ 27i%, NROXOHIE S xS
L. =271, it8Y Yy —2x0#4& L, Llama3-8b-
instruct @ tokenizer Z L, fida > 7 ¥ X M
IRED AT D ER% 768 b — 2 IZHIRL TW3.

4.2 RERFER

421 WRIAVTFAMIELBNRHEROTE

£1D1-317HIC, R—XF54 vk, R—ZX T4
I 2 THERLMEa Y T F R P BML Y
BOEBWEREZ RS, Migar 77X X M2BEMNT 5
Z ¥ T, Evidence i A 27, Label Accuracy 23[A]_E
LTED, MEary 7R M HEIcERZER
ffftcETna.

/2, R1D4-61THIZ, VI vh—2HW=5
HOEBMEREELRT. 4THOHETIE, fiday
THFAMIERES, X=X 574 YOEMEN+X
MBRICBWT, FEAMICO ZEEEMZ 10 IS
L, ZORY IV h—TRa7hE»r->34%
BB L7, 5~6fTHTW, VI h—THEINL
3fFiT LTy 7 XF A M RER L. e
YT FRAMTED, evidence IZEH FN B EMED
H4HN L, Evidence #FAfi 2 2 7 & 1A £ L 7243, Label
Accuracy (XA EL72d o 7.

TORBBNDID, R=ZXF74 /T LTY Z
Y H—"MAT=5E Y, GPT-40 mini THARK L 72
a7 XA NEEMLESEDOTFHRROESTT
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1 Evidence iHMiiz a7 (AMDOADEE Y Q HM & [MEDHE), Label Accuracy ¥, Q+A O Evidence i 2 2 7 23
2=(0.1,0.2,0.25) Z# 2 7= HEDAIE L  HIE T Z 72 £ 3 5 Label Accuracy

Evidence i 2 2 7
Method Q Q+A Label Accuracy | Label Accuracy (.1, .2, .25)
N—2AF54 v 0.3788 0.2703 0.688 0.674 0.504 0.362
+liE 2 > 7 F 2 FEM (Llama3) 0.3788 0.2935 0.700 0.694 0.588 0.45
+H#E 2 > 7 F 2 MBI (GPT-40 mini) | 0.3788 0.2972 0.704 0.702 0.618 0.462
R—RF4 4V 5 H— 0.3788 0.2781 0.718 0.706 0.556 0.400
+liE 2 > 7 F 2 FEM (Llama3) 0.3788 0.2977 0.712 0.708 0.606 0.478
+H#HE 2 > 7 F X MBI (GPT-40 mini) | 0.3788  0.2993 0.718 0.718 0.642 0.48
VIYRYTIEMBAYTERL | aes 02754 0.700 0.690 0.522 0.388
FIH (Llama3)
VI yEYTRMEDYTEAL 0.3788 0.2746 0.692 0.678 0.506 0.366
FIF (GPT-40 mini)

N=AS12+U5h—

N=ASAZ+USIN= L m@avF+AR (GPT-domini)

Pred Pred
S R N C S R N C
S 70 37 6 9 S 72 43 2 &)
gold R 9 281 7 8 gold R 10 281 5 9
N [/ 228 85 1 N 10 22 2 1
cC 7 28 0 3 C 7 21 0 4

B3 vIrFrrilidarrx A s FHLESED
T Z L DZEAE. (S: “Supported”, R: “Refuted”, N: “Not
Enough Evidence”, C: “Conflict”)

ZX3I1TRY. ZORATING, REHAEET L
73 “Not Enough Evidence” & Tl 3 2 HFEDEA L T
WBZ BB, OFh, MiEaryTFAMCK
D, BREHEETADRIDEVIEEL D - THER
TR XD 1oz egiEnsd. 22T, 112
BIIZREHEET LD IO Y T MIZED TV,
“Refute DAJREMED DT TH HAUX, Refute & 5E
X WS R ERI L THE %Z1T > /2. Label
Accuracy &, V7 U H—DADEEIX 0572, e
aAYT7TFAPEBMLEEEIZ0584 Lol C
DIERPH D, MBIV TIFAMNLD 255G, T
ABEDEVIEEED > CTHET 2 Z e 2bh 5.

422 WRIAYTFAPZAWUSOF>Y

£ 1D451THTIE, BTV 20 F 0 72T h
N L THEa Yy XA FRERL TV,
#£1D7-84THTIX, FIZEEMD LA 10 B2 L
THidary7x¥ XA be4ENRL, VI H—TR2
THEr o3I ERELTWS. L, &K
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HIERAICWEAER LR Y 7F X MIASTIET,
Evidence #Fifi 2 2 75 AR ICH ML 2 > 7 F X MlE
Tl evidence 128 TV,

£ 1D 41THITEEART, Label Accuracy D34 L
TLEok ZOZehs, SEERLZMMEa Y
TERXAMIV I UF U WEANTROVE TP 5
2. Vo vh— o THERARMREaYyTXF A+ E
T 212, AlF Y70 A X2 RELTS
ZeREZLNG. MEaVYTXFANIEETNDIE
WMEEPEPLT LT, VIVI—Ilt > TEMRE
WOBUFEINRTLRD, IOICHRKHEET LD
IO ZLDEREPZITIMBE N TES.

5 &hHDIC

AT, B4 X % Fact-checking & A 7
LDELRHFEEMLEZHMNE LT, XHEAMTOD
evidence R E 1T - 721812, a2y 7F A +%2E
BT B7Ta—FICHDHAR. EBOEE»S,
fEa Yy TFA ML, X DHEITHER evidence %
fHETETWVWBE ey otz. — AT, fiday
TEIALNERY ZUF U AICHWGE, WITHREE
EMERLTLES 2B 0hoT.

SHBOBMEL LT, MiEay 7 s 2RKkRIE
AT 2REHETa Y 7 E2IERT 20BN D
. ZHENZ, fiday 73 A M eHVWESEETY,
RICHEETNCEZZ a0y Ty REBE LI -
72, FEBRX, fEERE BRCHRER L2 ERE R
FNCXAIL, BREWXIEC TSR a7 b
ES DY THE e EZLNS.
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Claim#* > DBR4ERK

WEIAVTERAMERK

You will be given a text. Your task is to generate up to 3
questions that are necessary to verify the accuracy of the
information contained in the text.

Example:

Text: Why should you pay more taxes than Donald Trump pays?
And that’s a fact. $750. Remember what he said when that was
raised a while ago, how he only pays... He said, ‘Because I'm smart.
| know how to game the system.’

Questions: 1. What was Trump's tax return in 2017

2. When did Trump say he was smart for not paying taxes

RIEHIE

<document>

{CHUNK_CONTENT}

</document>

Here is the chunk we want to situate within the whole
document

<chunk>

{ALREADY_SEARCHED_EVIDENCE_SENTENCE}

</chunk>

Please give a short succinct context to situate this chunk
within the overall document for the purposes of improving
search retrieval of the chunk. Answer only with the succinct
context and nothing else.

Classify the given claim into four labels: "Supported"”,
"Refuted”, "Not Enough Evidence" or "Conflicting
Evidence/Cherrypicking".

Your predictions must be based on the given evidence.
The evidence includes questions and three pieces of
related information for each question.

If there is even the slightest possibility that it is incorrect,
output "Refuted”.

Output Format:
"Supported", "Refuted", "Not Enough Evidence" or
"Conflicting Evidence/Cherrypicking"

B4 EBCHEHALE oy S F—B. /i
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