2-Q-41

HAE

9

VEY
=

BRI OMEEE S 2 W7z wav2vee B A 3l E 7V E ORGET
SR, Y, EEE -, MO, ARTE
VEERY, 2 S

1 LI

MR E X, R E OBGEEEREL 2
Ko TR FEENTERLS REEETH S, MY
FEE G I E S CRHEOARE S ERB120,
EEEEHE TR LS ARk R 7 L TORK
HRHETH 2, AIFETIE, ITEREIC & 2 EE)REE
MHEEESE, DBOBRBICEYRICX 245:E
MEEREEENRE LB mme BN 35,

MG EEZHSHERRICB VTR, BEEEL—FAR
ANDOBEEEHOTREREETVEYE TN
BTH 20, HEREEEDPORKBDYEE T — X EIN
P32 Z L IXNEETH B, HE T — XN EDOREIC
LT, SEfTHRTIET — X358 [1] €T VHEIG [2]
REDFEIMRRINT NS,

ARFZETIE, FIAFTRER S REE SR ZDD D
PRI R HINIC, 2BEOER T — X ORI
HHT %, —DIIHEOHBEKED X 577 LD
WEHTH 5, IEROEART A LIFER L IR L TH
HREFHZINER D EHEIN N W2, ERZ L 0
FEDPPERATRE L HifF a5, Lo L, BEED 2R EE
BEEEEEEE, LA I L EEER T I
WYHREETH 5, 2 2 TAIETIE, BOHHD DY
DOPHHAT I VL EF 27TV FEICHAT %,

9 —DIFBEE —7 v N THBIEEZLANOHE
BEEZEOERTH 5, AFKETIE, HEHEADD
BRI, RN RTH ZMEREEDOE R DM,
[ CRHOM S R E 2R ORIEEE OB AP, Big s
FOMBEREZROMEOEFR OAMAT 2, MEkE
EEERORHIIGFEECHEEOMBEIC X > TER S
B, —HOEREDOREPE A EIRDEILEL & W\ o 7 5F
#ix, ZLoBERESFICLET 2 EZXLND,
Z 2T, BEREEZhZND S IGRATRER B FH A
DYETH-/2 LTDH, BRANOEEEEREZHWVS
2T, HERMZREDER D oM EIEE S O
FEZYETE, BHEZMOMEREM LIcES5TE 2
YHAR AN, ARTIEMEREE, TEOERE,
ERHEERNR e USRS S il ERRIC kb,
REFIROEMEERT,

Label
. CTC loss
Self-supervised Recognition result

Self-supervised

learning learning
- [}
wav2vec 2.0 “’ wav2vec 2.0 ‘— wav2vec 2.0 ‘
Copy Copy
Unlabeled Unlabeled User’s labeled
speech without speech with speech with

disorder disorder disorder

Fig. 1 The proposed model training procedure.
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Table 1 PERs [%)] for each speaker when wav2vec 2.0 was trained with and without unlabeled disordered

speech.

| | CP1| CP2 | CP3 | CLP1 | CLP2 | CLP3 | TR1 | TR2 | TR3 |

w/o unlabeled disordered speech | 10.2 | 16.4

13.4 6.0 5.7 4.9 116 | 13.2 | 74

w/ unlabeled disordered speech 8.7 | 13.1

4.6 4.8 4.3 84 | 105 | 64
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Table 2 PERs [%] for CP1 when all speakers’
speech was used for training wav2vec 2.0 (Proposed)

and only CP1’s speech was used.

| | cp1 |

wav2vec trained with all speakers’ speech | 8.7

wav2vec trained with only CP1’s speech 9.2
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