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Table 1 Precision, Recall, and F-measure for the
Modified text and Original text.

Precision Recall
Original text 0.90 0.42
Modified text 0.90 0.67
Modified text
0.90 0.58
(w/o language model)

# (Precision) & HHHE (Recall) ZTTDOFHE 7 F X b
(Baseline) ¥ J2RTFEIC K BEIET ¥ X b (Proposed)
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AES %, #55R% Table 1 1379,
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Table 2 Comparison of the number of pause appearances.

Original Modified Modified text Human “ 7 and “o
text text (w/o language model) modification in text
Number of
211 152 174 113 111
pause appearances
Baseline
BEICREEES  RTRHB SUTHS

>;A 2 25 3
Modified duration

RELCERLZERE L RTRHIIT 55

Frequency [Hz]

Time [s]

Fig. 4 Spectrograms of speech synthesized by a
fine-tuned model using the conventional method
(top), by a fine-tuned model using the method based
on the nomal speaker’s duration (middle), and by a
fine-tuned model using the proposed method (bot-

tom).
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