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*Simultaneous estimation of forward model and current source from EEG using Deep Prior. by
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Fig. 1 Diagram of simultaneous estimation of forward model and current source using Deep Prior
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Fig. 2 Effect of noise removal by Deep Prior

Table 1 Relationships between SNR and lo-
calization error of the current dipole in the
right primary auditory cortex of the proposed
method and sLORETA

Localization Error [mm]

Method 0dB 5dB 2dB 0dB
DP (LF known) || 9.6 104 169 180
SLORETA 512 306 308 369
Ours (U-Net) 14.7 175 31.5 46.0

Ours (Linear
U-Net) 6.7 12.0 13.5 14.5

Ours (Decoder) 7.1 151  15.0 21.0

Ours (Linear
Decoder) 102 10.5 138 16.6

Table 2 Relationships between SNR and local-
ization error of the current dipole in the right
primary somatosensory cortex of the proposed
method and sLORETA

Method Localization Error [mm]

20dB 5dB 2dB 0dB

DP (LF known) 7.2 10.3 12,7 152

sLORETA 18.1 18.1 181 18.1
Ours (U-Net) 85 272 444 56.6
Ours (Linear

U-Net) 14.1 141 13.1 13.3
Ours (Decoder) 109 12.8 171 172

Ours (Linear
Decoder) 144 384 60.3 838
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