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Fig. 1: Architecture of the proposed Period-HiFi-
GAN generator.
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Table 1: Results of objective evaluation without

scaling of Fjy.

Model RMSE

MCD | RTF

WORLD 23.9 3.72 -

HiFi-GAN V1 (melspc) 24.3 4.68 0.29
HiFi-GAN V1 (WORLD) | 23.8 4.03 0.29
HiFi-GAN V2 (melspc) 25.3 5.09 0.06
HiFi-GAN V2 (WORLD) | 25.8 5.02 0.06

uSFGAN 20.5 3.58 5.85
Period-HiFi-GAN V1 24.7 3.86 0.30
Period-HiFi-GAN V2 25.8 4.67 0.05
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Fig. 2: Results of the MOS test. Confidence level of the error bars was 95 %.
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. 3: Examples of F0 trajectories of male speech.
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