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WeBE, U X o TR oM 2 BERE SRR
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FIZE D ERIEEDOMELET 2, £DTD
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BETFE L ARPEREE LPCNet R — X % fifi
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ERMETLTE . ARIFKTIE, HiFi-GAN XR—2 D
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*Quality improvement using HiFi-GAN on high-intelligibility speech synthesis for dysarthric people. by
MATSUBARA, Keisuke''?, TAKASHIMA, Ryoichi', OKAMOTO, Takuma?, TAKIGUCHI, Tetsuya',
TODA, Tomoki*? and KAWALI, Hisashi? (*Kobe Univ, ?NICT, *Nagoya Univ)
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Intelligibility: healthy
Individuality: dysarthria

Multi-speaker vocoder
(Multi-speaker training)

Converted
N
Feature

Waveform

Multi-healthy Multi-dysarthric
speaker +  speaker

Fig. 1 Overview of our high-intelligibility speech synthesis system based on TTS, VC, and vocoder.
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DERWIBIERIEA C EHT 5, 7T a—X1E,
ANENDEEH 3 — P22 T, BIEREED & X
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EDHEINTWS (9],
Harmonic-Net [11]: Harmonic-Net (& HiFi-GAN
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CeZHMNE LTHRRLAEETALTH S, BEHIC
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Z, B LEWER D Fy 20T 3 & RES
LT, BARAAIZKI BB 3T ) 7
L, &XU Y7V Y EFSEMILT % HiFi-GAN
WD T v TV TV 7 (LERAAA) BN
NT 3T, SHERDOEARREPEZ HIHE AT HE

LTW3, FEOFMICONWTIE, R EICEE
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BEOHEIH TR WD, 1 FETBRARZED, H#E
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Z D7z, HiFi-GAN X b 3 REDREBILNAET
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ENBZZeEMFEL TV,

P ETliN 3EEOARa—KiZnWIh s EHD
BEEEFBLCRBOBEEEEFZHOTYE T
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3 FHERER
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PR 16] IR E NS HAANGEEE R 2 AL, &
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ATR HAGETF — X R—Z [17] DT * A b 503 X & ¥t
HBLEFERRNER L THERA L, 7V V7R
BRIV D 24 kHz TH B, LPCNet Z V3515
BIXIATIISE [5] & RIS 30 KoL N—2 X T A+ 5
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TEA L, HiFi-GAN 3 X ¢f Harmonics-Net % F\
23550%, WORLD [18] 1 & o THii X 172 50 X0t
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Fig. 2 MOS scores on naturalness evaluation
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Lhttps://github.com/sarulab-speech /jsut-label
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Fig. 3 MOS scores on similarity evaluation
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Fig. 4 Character error rates [%)] for each condition.
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