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* Low-rank representation of whole-head functional connectivity for prediction of subjective impres-
sions. by YANO, Hajime (Kobe Univ./AIST), TAKASHIMA, Ryoichi, TAKIGUCHI, Tetsuya

(Kobe Univ.), NAKAGAWA, Seiji (Chiba Univ.).
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Fig. 1 Examples of channel basis vectors
{a,}r=1,. 10 (left) and {b,},—1 10 (right) ob-
tained by Eq. (7) when A = 0 (top) and A = 10°
(bottom).
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Fig. 2 Mean prediction accuracies of predicted
comparative judgment on (a) coolness and (b)
preference. FEach error bar indicates standard

deviation.
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