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Fig. 1 Sample spectrograms of a physically
unimpaired person (top) and a person with
dysarthria (bottom)
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2.1 Connectionist Temporal Classifica-
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Fig. 2 Hybrid CTC/attention architecture
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Table 1 PER [%] of a model trained on phys-
ically unimpaired person speech data

Speaker PER [%)]
DYS1 79.8
DYS2 95.3
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Table 2 PER [%] of two aproaches to train the
speaker-dependent dysarthria model

Speaker Scratch CSJ adaptation
DYS1 28.8 20.3
DYS2 29.4 19.3
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Fig. 3 The correlation between error rates and
the number of traning data. The number of
‘full’ in DYS1 is 329, and the others are 403.
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Table 3 Example of recognition result for DYS2
Original text | EHBLD, K2HATRKA, F2O220VTHD, (ATR-b02)
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Predicted rounakuNnaNnogahiokakoNdenomiteotsunaideutanu
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Fig. 4 Deletion/substitution error rates per phoneme
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