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TON—TEINEFEDORBESFET — X RXR—ATH b, &
Synset IZIX[EA ID BEEToENTE Y, ThFENR D20
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1 HAFE WordNet
Fig.1 Japanese WordNet
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2 Twitter X{5E 3 — /XA s D& 5 OFERELCE METHEl - 72
Fig.2 Distinct of each part of speech in Twitter dialogue corpus
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Fig.3 LSTM Encoder-Decoder baseline model
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B 4 RREFIEOBIKX (ratio = 0.4, depth = 2 D)
Fig.4 Proposed Method (ratio = 0.4, depth = 2)

(BEE w O Word2Vec), | W2S(w)|=0
Vw)=q > SV(s,depth) (1)
SEWZS(TV)VQS(w)l , otherwise
SV (s,d)
WV (S2W (s)), | S2H(s) |=0 or d=0
> sv(na)
hES2H(s)
_ ) T mrer | S2W (s) |=0 @)
(1 —ratio)WV (S2W (s))+
> SV(hd-1)
ratiohe&H(s‘)SQH(S)‘ , otherwise

Z (HEE w D Word2Vec)

WV (ws) = 2522 s ] (3)
W2S(w) = (hilk w & & UHADES) (4)
SoW (s) = (Wi s D& 2 h 3 HBOES) (5)
S2H (s) := (& s O A& DES) (6)
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Word2Vec DF#E /8T A — X% Table 1 D X D IZEEL 72,
LSTM Encoder-Decoder @735 A — &% Table 2 ® & 512
U7z, BEFEICBEWT, MR LE ratio &, Il
HT 2 EMNESORKDBES depth 1% Table 3 D & 5 IZi%E
U, 4TEHEHD ratio % LKL 7z,

#£ 1 Word2Vec DFE T A — X
Table 1 Parameters of Word2Vec training

FHETI Skip-gram
T 256
XRE 5
HEERARMBE 5

FERE 250,908
EREAGTE o 10

# 2 LSTM Encoder-Decoder D/35 A —X&
Table 2 Parameters of LSTM Encoder-Decoder

=y M 256
PR E 3

L RERE 32,302
BOEALFiE Adam [8]
WA R le-4
Fay77o & 20%
Ny FH A4 X 256

FEIRY 7 300
=LY —Fig 15

3 REFHEONRTA—X
Table 3 Parameters of proposed method

ratio 0.1, 0.2, 0.3, 0.4

depth 2
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Fig.5 PCA of Word2Vec distributed representation
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Fig.6 PCA of proposed distributed representation (ratio = 0.1)

0.50 4 d (R=SR2

0.45 -

0.40 4
o 0.35 A
a

0.30 4

0.25 & AR—IL

0.20 1

0.15 T T T T T T

pcl

7 RETFERICLDAWEBDON (ratio = 0.2)
Fig.7 PCA of proposed distributed representation (ratio = 0.2)
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5.3.1 BLEU (T & % &7

Twitter 22 SUHE L 72 1 HxtagzfHliT—x & LT, &Fik
W& DIEEXEAER LTz, Table 4 TEFIEIZLBIEEXD
BLEU [9] ZIIEL T W5, FHMNOBMEIZN—ZF 1 IZHf
LT® BLEU O#fiiR% K7,
REFETIZAEED ratio ITBWT, R—=2A51 &0 %
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0.001503 (7.55%) Il £ U7z, ratio = 0.1 TIiX BLEU & & %
DB, F7z ratio DfEERKEL LIBT3 LR D
HRAEASNTZ, ENFEEMBET 5 LT, ¥4 F—RHFET
Ho THREEREMBIMILIEAT, ¥PT—-REL{E5FN
AV Y — B EVHMRBUCERT LI N TERE
o, FENESIZ2Y BLEU AW ELEZEEZ LGNS, UL
U, ratio DfEZ KREL LEE 2 &, £ < OHENIUZHEEE
BUWEBMIN TN TERLSRDE72D, ZEVPREEICRD
BLEU ORI LIz EFE R 5N D,

ARFEEBRTHW Twitter WFE2 — 821, XOFHHRE [L] 12
ERHEL, XKL 1 T T21 N?7) OWTFhAIZiE

§— Rl

8 RETFRIZL 2DHMKBLDD (ratio = 0.3)
Fig.8 PCA of proposed distributed representation (ratio = 0.3)
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Fig.9 PCA of proposed distributed representation (ratio = 0.4)

B U7z, L7230 T, ZhoHDXFIRIFEFETOTF—RILE
L, FENERTH 7272 BLEU-1 »* BLEU-2 IZHART
RKEL oz EZHND,

HMERILIEH CIRIE W FEEE D R X A2 TH Y, BLEU
T & AFIMICIZERPNEETNE I eNEZSND D, &
BIEXT7 v — ML B EBEHMEE/TS 2L ERI LT WS,

# 4 HBFHEIZED BLEU
Table 4 BLEU of each method

BLEU-1 BLEU-2
R—=Z254 v 0.128396 0.019919
REFIE 0.129724 0.020449
(ratio = 0.1) (+1.03%) (+2.66%)
REFE 0.130636 0.021222
(ratio = 0.2) (+1.74%) (+6.54%)
REFIE 0.129314 0.021422
(ratio = 0.3) (4+0.71%) (+7.55%)
REFIE 0.128854 0.020936
(ratio = 0.4) (4+0.36%) (+5.11%)
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Table 5 Generation examples

AN EBUSBENLET [ IFFX ARBGEZDT, [BIZKATIZIWN,
IEfEX PP EL, RETTD, RATBERFUCLEZSRWTER?
N—=AF714 HONELD TIVET | BBIPTX A RBGD 2D TRBITHA TS ZE W,

REFI (ratio=0.1
RETFIE (ratio = 0.2
REFIE (ratio= 0.3

)
)
)
REFIE (ratio = 0.4)

ZHELBHIEPRAKRBAZDOTHREL UTLEEI WV, BATIFEALE S WD ?
FEIPOZARBAZDTHRLS LTLES Y,

REIPU R AKBBTY, RATIERENNTT R ?

FBIFO R ARBNTT, RATHAZSWNTTN?

AT BHEPIDL S VWE—, BN T AU A ok b)) OBRRZEED £ LUZERD—,
IEARSC <ANE>E A, Bl RIW, BENAETLUZ,
R=AFA v BRHEIZLTLEZ W,

REFI (ratio=0.1
RETFI (ratio = 0.2
REFIE (ratio= 0.3

)
)
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BENET U, SHEP > DIRATLE I WA,
BRESITVWET, SHLE» 0TI,
BlELSIT0ET, SHEBENN TLE,
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AN FKIER TR > T EZ2OE L HOU L JLOEHBEIRT 5 A% > Th-> T,
IEfRSC TZyvyarvELwol,
N=AF1 ZIATTR, BAFIZLTLIEXI WA,

RETFIE (ratio = 0.1)
RETFIE (ratio = 0.2)
REFI (ratio = 0.3)
REFIE (ratio = 0.4)

LSERDTDHATTN?

TR ATTDPIIREDTRND ..., FDTRVDD...
ZEIRATTR! HOWE S TIVET, RELAVFERATT LA,
ZF—RATTR! Z5RATTRIREELVTT,

ATIX EXEhdbbn— Vol —F N — |
IEfRSC Nur—F, FTIF—1
N—2514 BOTES ISV — |

REFIE (ratio = 0.1
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REFIE (ratio= 0.3
(

)
)
)
REFIE (ratio = 0.4)
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—IHITARE S,
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