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2.2 Bidirectional LSTM &EF &K

AW TIET F A b %A A T Bidirectional
LSTM %\ 5. Bidirectional LSTM I& Recur-
rent Neural Networks (ZFHWTHEK I NS, 2
?}/LE% h = (h1,"', hT) ’ Hjjj% y = (y1
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t=1---T £3% & Recurrent Neaural Network
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he = H(Wgpxe + Wipheo1 +by) (1)
Yyt = Whyht + by (2)

WITEAMTINZRT. (W ZATIEENE

HALMEREED 200BHAMETVER  momseRT. ) bIAITRERT. (b &

*Speech synthesis system using small amounts of data for articulation disorders, by Ryuka Nan-
zaka, Ryoichi Takashima, Tetsuya Takiguchi, Yasuo Ariki (Kobe univ.)
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F
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— —
Yy = Wﬁyht—I_W(Eyht_'_by (10)
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