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Study on generating supporting/opposing opinion in debate system
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Abstract:
of platforms have caused information to flood, so the cost to obtain knowledge users want has

In recent years, the development of information networks and the diversification

increased. Therefore, interfaces using dialogue have been drawing attention in transit guidance
systems and information guidance systems and so on are studied. In this study, we constructed
a debate system to support users understanding about news. The system aims to deepen the
understanding of the news through debate by presenting the counter opinion against the user’s
opinion. In the debate system, we estimate the user’s claim and reason using Convolutional Neural
Networks, and generate counterargument opinions based on that. In this paper, we investigate a

vectorization method of utterance used for calculating similarity, and conducted basic experiments

on opinion generation using it.
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3 1: Number of opinions
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# 2: Document classification with Light GBM

‘ Accuracy | Precision ‘ recall ‘ f1
BoW 0.867 0.864 0.864 | 0.863
Word2vec 0.878 0.874 0.878 | 0.874
Doc2vec 0.626 0.623 0.626 | 0.615
SCDV 0.952 0.953 0.952 | 0.952
% 3: BLEU score
| BLEU-1 | BLEU-2 | BLEU-3 | BLEU-4
SCDV-RNN 13.82 4.41 1.51 0.52
RNN 6.51 2.2 0.70 0.21
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