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Table 1

are indicated as follows: Mean+SD [%].

Mean prediction accuracies of paired-comparative judgment on coolness and their standard deviations (SD)

R =30 R =100
Feature Open (Closed) Open (Closed)
@) 58.7+2.7 (72.4+18.4) | 58.1£4.3 (84.44+11.2)
(i1) 59.0+2.9 (70.0+£13.7) | 58.1£4.3 (91.7+12.4)
(iii) 57.54+3.3 (76.8416.1) | 58.2+3.9 (83.1£13.6)
(iv) 59.9+4.7 (70.5+14.7) | 57.6+4.1 (80.9+11.4)
W) 58.842.8 (71.1£13.3) | 57.6+£4.1 (90.74+12.0)

Table 2 Mean prediction accuracies of paired-comparative judgment on preference and their standard deviations
(SD) are indicated as follows: Mean+SD [%].

R =30 R =100
Feature Open (Closed) Open (Closed)
@) 59.545.1  (69.54+10.2) | 56.4+2.6 (85.54+14.9)
(ii) 58.84+4.5 (70.6+15.3) | 57.743.3 (91.2+10.4)
(iii) 58.74+3.2 (77.9£16.0) | 59.943.0 (76.5+15.5)
(@iv) 59.742.3 (64.848.2) | 55.442.8 (85.4+15.0)
) 58.84+4.6 (73.0£15.5) | 58.4+4.0 (90.2+9.8)
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Fig. 1 Examples of two channel basis matrices ob-
tained from a coherence tensor using NTF.
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