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Table 2 Precision * Recall - F-measure O

Precision(%) | Recall(%) | F-measure(%)
BoW + SVM 86.4 85.0 85.7
BoW + DNN 87.4 87.5 87.4
RNN ED + SVM 93.7 94.0 93.8
RNN ED + DNN 92.4 92.0 92.2

BN/ EDNNTA—=RL LT, SVGMD/INT A =X
%, 7'V v N —F T C = 8.0,y = 0.125(BoW),
C = 32.0,7 = 0.125(RNN Encoder-Decoder) & U 7z.
7z, DNNIiZBWTIX, FfflE#Hz 28, &PrlE
DJ— K% 500/ —KFR&L, ZFE£K0.001, NvF
YA X5 L UTHERNAREEEZHCTET VEFY
U7z, #Mii#8f5E & U T Precision * Recall - F-measure
W,

5.2 RERER

BRI D 2 T A FEkER % Table2 (2779, Pre-
cision * Recall * F-measure (¥4 7 5 ADE¥ITH 5.
Table2 & 0, f&xH X WFERLE S N/2DIE, RNN ED
+ SVM OFETHD Z 3 bhrb. IRWT, RNN
ED + DNN THh 5. ZDfEEAN S, BoW £ RNN ED
DXEDRT MVEHFIZEWT, BoW & D RNN
ED BERTHD L \WZ D, Tk, BoW TIIHZEE
DHBBEETXEDORY MVEHEITS 21T, X
EOFEEBHRIL LN S DR LT, RNN ED 13 XE
DRIGERZ IR LU /2R T NIVEBMNRTETWB T2
HTHBEEZLNS. LHL, SVM & DNN O 5
MiTHE2IET 5L, BOW 2 RNNED X5 50D
R FVEHEIZBWTY, HFHERILV. HEA
EUT, T=RENPDINZenEZSNS, T—X
BAaEmP3Z 2T, SVM &b DNN R WG %25
LM TERLEZOLOND.

6 BBbHUYIC

AR TIE, =2 —AEHRRES AT L [NetTv]
ZEWT, =¥ == —AGEOR, IFHEWE
flicxfLTmETE5 L5112, 772 b NEVER],
EZEER, why BER, how BEMD 4 DDERM
D27 2 A%z T O BRIGEEY 2 — )L 2 R
U7z. BoW+SVM, BoW+DNN, RNN ED+SVM,
RNN ED+DNN D 4 DD FE% LR U 726558, RNN
ED+SVM b RWEHR 285 Z LW TE, HifE
B D4 FEIZE W TIE RNN Encoder-Decoder X2 b
WEBPEMTH DI L &R LT

SHOFEE LT, NeTv iCEMIGEEY 2 —L
AL, NetTv 2HLTH S5, 2—¥ il

S i SR

— 158 -

EOREEEZITS> I E2EZTWS. X7z, NetTv Iz
PWT, 2 —HF—D=— X2, BELHEL
BLU, Hil-BEEsMET 528 TNetTvDO Y AT
LA EIZDRPRBEEZTNS.

S XXk

[1] Lori Lamel et al., “ User evaluation of the mask
kiosk, ", Speech Communication,131-139,2002.

[2] Koichiro Yoshino, Tatsuya Kawahara, “ News
Navigation System based on Proactive Dia-
logue Strategy, ” Int’l Workshop Spoken Dia-
logue Systems, 2015.

(3] RH %, fll“ EFEERENS AT LIZEITS
BRIGE T — & N — ARl b TR oG, 7 HHR
JLEEZE Sy 81-86, 2006.

[4] AR Wik M, “TREEMNT S A T L IRSE ver-
sion 2.2.9 A, ” 2002.

[5] Wi s, @O Hh, AR M, “NetTv:
NetNews & T L EHEGED 7B AT Ty hk— A
2B EFERE, " HAZEELGE, 179-180,
2007.

[6] Kyunghyun Cho et al., “ Learning Phrase Rep-
resentations using RNN Encoder-Decoder for
Statistical Machine Translation, ” Empirical
Methods in Natural Language Processing,
2014.

7] MEE EK, B W, M R EEE s
IV 72 QA 1 NERISCOH T ) 408, 7 M
A2 ) 1-6, 2016.

[8] Yoom Kim, “ Convolutional ~Neural Net-
works fo Sentence Classification, ” Em-
pirical Methods in Natural Language

Processing(EMNLP),1746-1751,2014.

9] %2 BEA fh, “QAIIa=T41IIBI2HE
15 DRI HE D BRI BIZBIT 5 — MG, 7
HI3IRT—RATFLHEHRT R —Y A Y MZET
%7 % —7 . (DEIM2011) , B5-1, 2011.

2017431



