2—P-35

goooooooooooooon s
0000,0000,0000(@0O0)

1 0000

ooooooooUoooooooooooogo
00000oO0O0OoooOoO00ooooooooogo
0000000000000 Deep Neural Networks
(DNN) OO O0OOO0O0O0O [1] O0Non-negative Ma-
trix Factorization (NMF) O 0 O O Exemplar-based
00000 [200000000ooooooooo
gboobooboboooboboobobobooon
gggobobboogboooooobbobboga

ggboobobooboobooooboo
0 (Gaussian Mixture Model : GMM) 00000
0 [3,4]0000OHelander 0 [5|0 GMMOOOOO
OoO0O0O0DDDODOO000000ODynamic Kernel
Partial Least Squares (DKPLS) 000000000
0000000ooooooooooooog GMM
oooooooOoOoOoOoOoOoOoOoOO

ooooopPLSOO0OOOOOOODOOOOOO
oooo0o0oO0O0OOOOOOO0OOO0O00000000
O000oooOoOo0oooO0o0oooOoOooooOooo
O00O0oo0o0oooOooooooooooooo
O0000O000oo0O00ooOooooOoOoooogo
oo0odoooooOoOoOooooocooooooo
Oo0odoooooooOooooocoOoooooo
ooooooo

0 00000 0JLocality Sensitive Discriminant
Analysis (LSDA) [6) D 000000 OOOOOO
0o0odoOooooOoUoOoooooOooooooo
goodUooooooOoOoooooooooooo
0000oo0O0o0ooOoopoUogooDOooooOogo
goooOopoooooOoooooooGcMMOOO
g000OdoprPLSOO0O0OOOODOODODODOO
ggouooooobbbboooooooooobo
ggouoobbbbiooooouoooooboobo
0ooobobobooboouob 20b000bOoobOon
ggoobbobboooooobbbobood

gobod20000d000oouououo 3oooo
000000 400000000D00

2 bDooodooobobod

2.1 00O

0000000000000000000000
OOFig. 1000000000000000000
00000000000000000000000
000 STRIAGHT OO [7]00000STRAIGHT
00000000000 STRAIGHTOOOOOO
000D00000000000000000000

goboooooooooboooooobooooobooo
oooooooboobobobooboboooboooon
00 kmeans 000000000 0DOCOODODOO
gbooooooooooobooooooboooon
ooobooobobooobooooooboobooon
goboooooooooobobooooboooooobooo
0000000 LsSpAC0OOOOOOoOOoOoOooo
gooboooooboboooobooooobooo
gboooooboboobooobooooboboon
gboooobooobooboooobooooboon
gbooooobooooooboobooobooboon
o0o0oo0ooooooooooooooooo bTwW
OoooooooooooooooogpLsoOod
gboooobooooog

Fig. 20000000000000O000O00O0O
STRAIGHTOOOUOOOOOOOOOOoOooo
gbooooboooooooboboooboobooon
ooooboooOoobOooboooboobobooboon
gboooooooooooboboooboobooon
PLSOOO0OO0OO0OOO0ODODOOOOOOOODOOO
oboooooboboooboboooboobooon
ooooog

Source Target

training Sﬁcwh training SECCCh

STRAIGHTl STRAIGHT

Dﬁ

Spectrum

k-means

LSDA Kernel Reference
transformed) p vectors
Feature

transformation
matrix

Phoneme
discriminative
features

Segmental DTW

features Mel-cep.
K Y

Speaker
transformation
matrix

[ |conversion
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posed method.
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Table 1 Mel-CD of non-dysarthric speech conver-
sion [dB]
M-to-M | F-to-F | M-to-F | F-to-M
Source 3.96 3.69 4.17 4.17
ML-GMM-D 2.96 2.84 2.88 2.86
ML-GMM-F 2.95 2.84 2.88 2.82
DKPLS 2.98 2.84 2.87 2.84
PDKLPS 2.95 2.81 2.84 2.82
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