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Fig. 1 Graphical representation of (a) an RBM and
(b) an RTRBM.

vMWooooo RYOO0D0O0O0O00000Do0OoDooO
0000000000 0000000 P=1000
000000 RTRBM O Fig. 1(b) 00000000
O00D00Fig 1(b)000003000000000
000000Ow eR* oo o R®OoOoOoOO
O0O0ooBeRXORC-VOoO W 000000
gooocC eR/*ORC-Voo R®OoooOOOD
00000000000000000000O0RBM
00000CDOO0OOO0OO0OOOOOORTRBM O
000000000 A® ={v™ rDr <t} 000
000000 »000000000000000D0
goooo

1 ) p@® =1
O A0y — = —E@® ,h MR )
PROA0) = — 37 e

h(t)

(9)

ooboozooooooooboprpOOOOODODOO
googoooooboo

E(,,,(t)7 h® |h(t*1))

t )12 O\ L
=00 e (Y R
20 o2
(10)
b® =b+4 Br— (11)

c® =c+cChtY

RBMODODOOO0O0OO0ODOO0OO0OOODODOOOO L=
log [1,p(v®[A®) 000000000000 0OOO0
o000

or vgt)ﬁgt—l) vgt)ﬁg-t_l) .
aBij _< 0—1‘2 >data_ 0_7%>model ( )
oL A (p—1) 2 PPN
= (TR s — (TR g (14)
0C;

00000000 0O0AR-YO RE-DOpOODO
00000000000 D0O00DOO0O0DOO0ODoOOon
0ooooo (6)(7)(8)0000000nooon

000000000000 OOORIRBMOOD
Oogo®WoeRt-Yooooooooo A®Ooo0n
0ooooooooooR® o RE-YOoOoOoOooOD

201449 H



y®

5, 000 gelele)
W, w,
(00000—>00000 (0000000000 A’
t—1 —1 !
=Y " =Y Wi
@@ n
pE=1) Rt R W
P— L S Ca :
00000 — 00000 ©0000—— 00000 |’
B IWz B wl
@00 @00
20 o
(a) (b)
Fig. 2 (a) RTRBMs for a source speaker (below)

and a target speaker (above), (b) our proposed
voice conversion architecture, which combines two

speaker-dependent RTRBMs with an NN.
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Fig. 3 Average MCD for each method with varying

amounts of training data.

Table 1 MOS w.r.t. similarity for each method.
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