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Fig. 1 Overview of vote-based random-projection

combination.
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Table 1 Word-recognition results for a person with
an articulation disorder using the proposed method.
(The recognition rate for the original feature is
76.67%.)

Number of Proposed RP w/o combination
random matrices|| method Max. [ Mean | Min.
20 80% 77.62% | 75.06% | 71.43%
40 79.05% 78.1% | 75.14% | 70.95%
60 79.52% 79.05% | 75.04% 70%
80 80.48% 79.05% | 75.15% 70%
100 80.48% 79.05% | 75.21% 70%
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Table 2 The performance of the word accuracy de-
termination using voting results for the 1st utter-

ance of articulation disorders.

Number of T/P T/N Acc.
random matrices Rate Rate
20 0.923 0.429 0.824
40 0.958 | 0.432 0.848
60 0.928 | 0.605 | 0.862
80 0.929 0.585 | 0.862
100 0.923 0.561 0.852
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