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Fig. 1 Basic approach of NMF-based voice conver-
sion
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Table 1 Category for sub dictionary
Category phoneme
a a
e e
i i
0 o
u u
plosive p,t, k, b, d, g s
fricative s, h, z
nasals m, n, N
semi-vowel j, W
liquid r
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Fig. 4 NMF-based voice conversion using catego-
rized dictionary
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