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Fig. 1 (a) CRBMs for a source speaker (below) and

a target speaker (above), (b) our proposed voice con-

version architecture using two different CRBMs.
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Methods CRBM CRBMi DBN NN SRC

MCD(dB) 6.27 5.93 630 6.44 7.15

Table 1  Average MCDs obtained by each method.
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