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Abstract Recently, in the research of generic object recognition, classification technique based on integration of
image features is drawing attention. However, in the classifying technique by feature integration, there are some
features that may cause misrecognition of objects and a lot of noises that degrades the recognition accuracy in an
image data. In this paper, we propose feature selection in the object area restricted by reducing background area
in it, and multiple kernel learning (MKL) to weight each dimension as well as features themselves. This enables
the accurate and effective weighting since the weight is computed for each dimension by using selected feature.
Experimental results indicate the validity of automatic feature selection. Classification performance is improved
by using background reduction technique by Saliency and Graph Cuts, and each dimensional weighting method by

MKL.
Key words generic object recognition, multi kernel learning, fearture integration, SIFT, HOG
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