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Abstract In this paper( we propose a dialogue manager in a car navigation systems using Partially
Observable Markov Decision Processes(POMDP) that can treat ambiguous informationd Even when it
occurs speech recognition errors are caused by car indoor noises it can manage the dialogue we also
propose a variation of the classic POMDP by incorporating hierarchical reinforcement learningd It can
deal with large task than traditional system The results confirms that the proposed method outperforms
a handcrafted dialogue manager(]

Key words spoken dialogue system[] Partially Observable Markov Decision Processes hierarchical
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