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ROVER-based Random Transformation on HMM
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Fig. 1 Overview of Random Transformation on
features and HMDMs,
ROVER module

and combine them using

00000000 ROOOOOOOON(O)OODO
goooboooobooon

3 bugbooboobooboobon
gooo

obooooooooooooboobobono RrRO
goboboooobooooobooooooooooo
0000000000000 000OROVERI[6] O
gbooOooooboooobobooobooboon
ooobooooboooooooobooooooon
oboooobobOobobooboooooboooo
gbooobooooboboooobobooooboaon
ooooooooooobooooboooooooon
oooooboooboooboooooobooooooon
obobooobooboooobooobobooboon
gbooobooooboobooooboboooogaon
obooOoobooboooobooooboooboon
gooobooOoooobooooobooooooo
ooo

Fig. 1000000000O00O0CODODOOOOO
oboOobOoobooboooboooobooobon
gboooooobobobooobooooboon
oobobOoooooobobooooboooooboobon
gboooobobOooooooboooooboon
obooobooooobooboobooobooboooogoon
oooooooooooooooobooooooo
gbooooboboobooboooooooboon
0000 ROVEROOOOOOOOODOOODO
ooooobono

* Acoustic Model Adaptation using Random Projection, by Mariko Yoshii, Tetsuya Takiguchi, Yasuo Ariki

(Kobe University)



RP- HMM(MFCC)
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Fig. 2 Word recognition rate of MFCC-RP
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RP-HMM(Gavor)

o
S

9 78.01

®
S

74 88 77.0
68.79 4572

72.86
64.45
61.22
29 38

G1[60] -> RP(36)

Word Recognition Accuracy [%]
g8 &8 8 8 3

~N
=]

G1[60]_D_A -> RP(36)

¥ baseline “min. ®mean M max. HROVER

Fig. 3 Word recognition rate of Gabor-RP
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