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Abstract Recently, a learning method of n-gram showing error tendency is focused on. In this method,
it is difficult to learn low frequency n-gram appropriately. On the other hand, error detection method
for content words was proposed that uses semantic similarity in neighboring recognition result. In this
paper, we especially examine semantic score and propose a method for speech recognition error detection
that integrates these information. As a result of evaluation experiment using the Corpus of Spontaneous
Japanese, error detecting performance was improved for content words in particular. Moreover, semantic
score is effectively used by combining with term-weight.

Key words Speech Recognition Error Detection,Confidence Measure,Linguistic feature,Semantic fea-
ture,CRF
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Fig.4 Speech recognition error detection
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Table 2 Experimental data of error detection model

O oo oo
ooo 150 10
ooo 52692 2667
ooo 484405 22522

gooo 187154 8782
oooo 297251 13740
ooo 23.6% 25.8%




03 00O0O0ooo

Table 3 Performance of correct detection
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