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Abstract This paper describes a method for generic object recognition based on weighted integration of multiple
features. In recent years, bag-of-features approach has become popular for generic object recognition. This approach
represents the image as a histogram of visual words by extending the theory of SIFT which offers good performance
on specific object recognition. However, only by SIFT, it was hard to recognize objects with a few texture or
recognize objects whose appearance of the visual word changes variously. Therefore, in addition to SIFT feature,
we propose to employ color feature which is not being used in SIFT, and HOG feature which is global information
whereas SIFT is local information. Moreover, we propose an automatic learning of the distinctive features for each
category by adopting feature importance extraction theory which has been mainly used in language processing
for the improvement of the classification performance. Experimental result shows that the proposed method can
deal with the above problem and obtain good classification performance by weighting distinctive features for each
category.

Key words Generic object recognition, Image classification, SIFT, Bag-of-features, Histograms of Oriented Gra-

dients
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