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Abstract We investigated the speech recognition of a person with articulation disorders resulting from
athetoid cerebral palsy. The articulation of speech tends to become unstable due to strain on speech-related
muscles, and that causes degradation of speech recognition. Therefore, we use multiple acoustic frames as an
acoustic feature to solve this problem. Further, in a real environment, the speech recognition systems do not
have sufficient performance due to noise influence. In addition to acoustic features, visual features are used to
increase noise robustness in a real environment. However, there is a recognition problem due to the tendency of
his/her unsettling head movement. We investigate a pose-robust audio-visual speech recognition method using
Active Appearance Model (AAM) to solve this problem.
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