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System Request Discrimination for Information Retrieval
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Abstract The advancement of information technology, which includes such developments as Web2.0,
on digital TV and Broadband, enables anyone and everyone to access and participate to access any form
of media, like documents, movies, images etc via the internet very easily. However, due to information
growth and the decentralization of platforms, users are faced with increasing difficulty in finding the in-
formation that they really are interested in. Speech user interfaces promise useful system of information
retrieval for every user. It is necessary to discriminate system requests from human-human conversation
speeches for speech user interfaces. We had proposed the boosting method that discriminates system
requests from chats based on 1-best result of speech recognition system. This method can retrieve var-
ious expressions due to boosting algorithm. In this paper, we ascertain whether the boosting method
is efficient for information retrieval task whose commands are nonconstant due to including search key-
words. As a result of grouping search keywords into a class, the experimental results showed that 0.81 of
precision, 0.85 of recall and 0.83 of F-measure.

Key words System Request Detection, Information Retrieval, video, Boosting, Speech Recognition
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Table 2 Condition of acoustic analysis and HMM specifi-
cation.
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