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Abstract It is necessary to provide appropriate meta-data to multimedia contents to retrieve them. In
this paper, we propose the method to create meta-data using speech recognition results. As the multi-
media contents, we focus on sports live speeches, especially baseball commentary speeches. To produce
meta-data, we employ the boosting method instead of using simple keywords or a network grammar
since keywords are weak with misrecognition and a netwrok grammar cannot retrieve flexible expression.
Experimental results showed the 87% of the meta-tag accuracy on the speech recognition results with
65.0% of word accuracy. Moreover another experiment indicated that the proposed method is robust for

unknown words.
Key words Boosting, Meta-data, Speech recognition, SVM
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Table 4 Word accuracy of the speech recognition results.
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Table 5 Results of meta-tag discrimination using recog-

nized transcription.

AdaBoost(uni) | AdaBoost(bi) | SVM
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Table 6 Selected features by AdaBoost.
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