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Abstract Recently, there are so many videos available for people to choose to watch. To solve this problem, we
propose a tagging system for video content based on facial expression that can be used for video content recom-
mendations. Viewer’s face captured by a camera is extracted by Elastic Bunch Graph Matching, and Interest class
is estimated by Support Vector Machines. The interest classes are Neutral, Positive, Negative and Rejective. They
are recorded as ”interest tags” in synchronization with video content. Experimental results achieved an averaged
recall rate of 87.61%, and averaged precision rate of 88.03%.
Key words Tagging video contents, Facial expression, Elastic Bunch Graph Matching, Support Vector Machines
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0O 2 Tagged results (frames)
Neu | Pos | Neg | Rej
49865 | 7665 | 3719 | 1466
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O 3 Facial region extraction experiment for subject A
Neu | Pos | Neg

False extraction 20 3 1
Total frames 49865 | 7665 | 3719
Rate (%) 0.040 | 0.039 | 0.027

0 4 Facial region extraction experiment for subject B
Neu | Pos | Neg
False extraction | 132 106 9
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0 5 Person recognition experiment for subject A
Neu Pos | Neg

False recognition 2 0 0
Total frames 49845 | 7662 | 3718
Rate (%) 0.004 | 0.000 | 0.000

0 6 Person recognition experiment for subject B
Neu Pos | Neg

False recognition 2 20 0
Total frames 56399 | 2241 | 3096
Rate (%) 0.004 | 0.893 | 0.000
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0O 7 Confusion matrix for subject A

Neu | Pos | Neg | Rej | Sum | Recall (%)
Neu 48275 | 443 525 622 | 49865 96.81
Pos 743 | 6907 1 14 7665 90.11
Neg 356 107 | 3250 6 3719 87.39
Rej 135 0 5 1326 | 1466 90.45
Sum 49509 | 7457 | 3781 | 1968 | 62715
Precision (%) | 97.51 | 92.62 | 85.96 | 67.38

0 8 Confusion matrix for subject B

Neu | Pos | Neg | Rej | Sum | Recall (%)
Neu 56068 | 138 264 61 56531 99.18
Pos 231 2076 8 32 2347 88.45
Neg 641 24 2402 38 3105 77.36
Rej 203 0 21 551 775 71.10
Sum 57143 | 2238 | 2695 | 682 | 62758
Precision (%) | 98.12 | 92.76 | 89.13 | 80.79
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