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Flower Image Retrieval System using Multiple Classifier
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Abstract It is difficult to use electronic flower encyclopedias because flowers are classified based on keywords. In
this paper, we propose a flower image retrieval system with multiple classifier that make use of different important
features depending on the flower structure. At first, we classify flowers into three groups of Gamopetalous, Many
Petaled and A Single Petaled and then we construct three classifiers that employ their important features respec-
tively. It is difficult to uniquely decide the type of flowers because of unstable shape of a flowers, so that we classify
them based on fuzzy c-means. As a result, the target flower was retrieved at 70.8% up to the third rank, 80.4% up
to the fifth rank and 92.6% up to the tenth rank.

Key words Image retrievald Fuzzy C-means[ Multiple classifier, Flower encyclopedia
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